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FIGURE1.Stochasticneuralarchitecturewithdirectandlat-
eralsynapticconneotlons.
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FiGLfRE2. (a) Evolutlonduringlearningof experiment1 of
the vetileel and horizontalmutuai information(M/it) and
(M/HJwhenunauparviaadiaarninginciudeaoniy maximiz&
tionof thetranamiaaionof information.(b) Evoiutionduring
iearningofexperiment1oftheverticaiandhorizontalmutuai
information(MIVJand (MIH) when unaupewieedieerning
inciudeamaximizationof the tranamiaaionof information
withminimizationof redundance.
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FIGURE3. Raeeptlvafiatdformedby neuronoutput1 (a) or
neuron output 2 (b) by unsupervisednonllnaarfeaturea
extractionaftertrainingwithrandomGauaelanepotaaeaan-
aoryInputaon a retina.
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